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Reduced SDP Based Reformulation

Difficulties Estimating the Fundamental Matrix F Directly applying SDP-relaxation would introduce a SDP constraint M; = 0 and M; is of size (14 +n) x (14 +n). Estimate fundamental matrices of six pairs of stereo images: {House, Merton |, Merton I,

Merton lll, Library, Wadham}, given by VGG, University of Oxford.
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